The objective of this paper is to analyze the gender earning gaps existing in urban areas of Pakistan using data from a household survey. The earning functions have been estimated separately for males and females using Ordinary Least Squares (OLS) as well as quantile regressions including education, literacy, experience, employment related variables such as type of industry and occupation and age as explanatory variables. The earning gaps between males and females have also been analyzed using the Blinder-Oaxaca decomposition method. Results suggest higher mean earnings for males as compared to females but higher incremental returns to investment in human capital for females at all levels of education. Further, higher returns to schooling have also been noted in bottom part of the income distribution i.e. 5 quantiles at all educational levels. Education, industry of employment and occupations has been emerged as the main determinants of income gap between male and female workers in urban Pakistan.
INTRODUCTION
Gender equality is treated as a fundamental human right (UNDP, 2014b) and is a necessary foundation for peaceful, prosperous and sustainable world (UN, 2016) . It improves the prospects of families, communities and nations and cause improvement in productivity as well as increase in income (UNDP, 2014a) . Gender equality is also included in the Sustainable Development Goals (SDGs) to be achieved by 2030 and adopted by the United Nation's member states at the Sustainable Development Summit on September, 2015 (UNDP, 2016 . Despite being included in the United Nation's Millennium Development Goals (MDGs), adopted by the world leaders under Millennium Declaration at the turn of the century, as one of the goals (Malhotra, Pande, & Grown, 2003) and witnessing considerable reductions, gender disparities still exist in number of indicators of education and employment in developing countries (UN, 2014) . Moreover, it is also a fact and widely observed consistent phenomenon that women earn less than men (Polachek & Xiang, 2014) in spite of implementation of antidiscrimination policies and increased participation of women in the labor force as well as acquisition of higher women's capital.
Gender equality has been an interesting area for labor economists as well as for policy makers (Jung, 2014) . The earnings of workers have been at the core of empirical research in the field of economics and other social sciences for decades (Montenegro & Patrinos, 2014) . The differences between earnings of male and female workers expressed as percentage of male earning is termed as gender wage gap (Taniguchi & Tuwo, 2014) . In__________________________________________________________________________________ 275
conventional method of Ordinary Least Squares (OLS). As OLS regression technique give summary estimates by calculating the average effects of explanatory variables on the dependent variable (Coad & Rao, 2007) and is based on the mean of the conditional distribution of dependent variable in the regression analysis (Martins & Pereira, 2004; Wu & Liu, 2009) . A more complete picture can be obtained by computing several regression curves matching to different percentage points of each distribution through quantile regressions (Cade & Noon, 2003; Coad & Rao, 2007; Pham & Reilly, 2007) . The results of quantile regression (QR) are typically robust even for skewed distributions containing outliers in the response variables (Coad & Rao, 2007; Pham & Reilly, 2007) and are considered a standard analytical tool in the income and wage studies (Yu, Lu, & Stander, 2003) . The current study is different from the earlier ones in number of ways. First, it is based on data for urban paid employees only and second, earning functions have been estimated by applying QR in addition to OLS. Third, gender earning gaps have been decomposed using Oxaca-Blinder decompostion method.
We have analyzed gender differences in income through Mincerian earning functions across various levels of education, experience, industry of employment, occupation and age for full-time paid employees residing in urban areas of Pakistan. In the context of Pakistan's labor market, the need of fresh study on gender earning gap arises on account of adverse law and order situation, increase in rate of inflation, growing energy crises tied with decreasing growth rate of economy. We have found higher mean earnings for males as compared to females but higher incremental returns to investment in human capital for females as compared to males at all levels of education. Our finding of higher incremental returns to education for females in comparison to males is in line with previous research done in Pakistan that includes Ashraf & Ashraf (1993) , Nasir (1998) , Ashraf (2001) , Nasir (2005) , Aslam (2005) , Ali (2007) , Siddiqui (2007) , Qureshi (2012) and Ali & Akhtar (2014) . While most of the previous studies on gender earnings differential in Pakistan are based on OLS, we have also estimated earning functions using QR.
According to results of QR, higher returns to schooling have been noted in bottom part of the income distribution i.e. 5 th & 25 th quantiles both for men and women as compared to those present in the top of the distribution i.e. 75 th & 95 th quantiles at all educational levels. Further, we have also found education, industry of employment and occupations as the main determinants of income gap between male and female workers in urban Pakistan. The rest of the paper is organized as follows. Some stylized facts in Pakistan's labor market are presented in the section II. Theoretical framework and data are discussed in section III whereas empirical results and findings are discussed in the section IV. Finally section V concludes the paper.
GENDER ISSUES IN PAKISTAN'S LABOR MARKET
Like other developing countries, substantial imbalances also exist in Pakistan's labor market and can be found in various socio-economic aspects such as labor force participation rate, employment and unemployment, enrolment and literacy rates, life expectancy and most importantly income of the male and female workers. Figure 1 shows the recent trend in gender wage gaps in terms of average monthly income of employees in Pakistan and its rural and urban areas from 2004-05 to 2014-15. The substantial differences in gender wage gap in urban and rural areas of Pakistan can be noticed. The downward trend in gender wage gap in urban areas is also visible.
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2.1.Educational Attainment
Investment in education is believed to bring justice, prosperity and opportunity (Brown, 2003) and improvement in social status (Bauer, Feng, Riley, & Xiaohua, 1992) . Educational credentials are also considered to have strong bond with good jobs (Bauer, et al., 1992; Brown, 2003) , higher rewards (Brown, 2003) and improved occupational status (Bauer, et al., 1992) . In the words of Brown (2003) "Credentials are the currency of opportunity".
According to Sarwar, et al., (2013) human capital formation is the only way to reverse the negative impacts of growing population for a developing country like Pakistan because it directly improve earning ability of the poor (Son, 2010; Yamauchi, 2010) . Human capital is also a fundamental factor for the improvement of living standards of people in a country (Dougherty & Herd, 2008) . But, a fundamental challenge in fostering human capital formation lies in promoting the educational capital (Guichard & Larre, 2006) . Education being the most important element of human capital is two ways process (Afzal, Malik, Begum, Sarwar, & Fatima, 2011) which faster economic growth (Jehan, 2000) and productivity on one side and reduces poverty on the other side (Afzal, et al., 2011; Montenegro & Patrinos, 2014) .
In Pakistan, the gender differences between males and females exist in educational attainment. For example, literacy rate for males was 71% as compared to 48% for females during 2012-13 (Finance, 2014) . Similarly, gross enrolment rate was 98% for males as compared to 83% for females whereas as net enrolment rate was 61% males and 54% for females (Finance, 2014) .
Development of education was also included in the MDG's adopted by the UN. Pakistan had to achieve 100% primary education and 88% literacy rate by 2015 with gender parity index (GPI) equal to one. However, Pakistan has missed the MDG's goals as the overall literacy rate was just 58% against the target of 88% during 2013-14. Further, gender disparity in terms of literacy also exist in Pakistan which is clear from the fact that 47% of female were literate against 70% of males (Pakistan Economic Survey, 2014-15). Pakistan could not achieve the goals set in the MDGs due to lack of sustained leadership, economic instability, political turmoil, insecurity and recurrent natural disasters (UNDP, 2015) . Albeit having witnessed considerable improvement if compared with baseline scenario in 1990-91, gender disparities still prevail not only in primary and secondary education but also in literacy in Pakistan (Figure 2 
Population and Employment
Currently, Pakistan is the 6 th most populous country of the world (Sarwar, Fakher, Ali, & Mudassar, 2013) with total estimated population of 191.7 million in 2015 out of which 48.3 % were females (MOF, 2014) . Whereas composition of population by sex has remained stagnant since last housing and population census in1998, the trend of growing urbanization is evident from the fact that proportion of urban population has increased from 32.5% in 1998 to 38% in 2013 (PBS, 2014 ). In the current study, we have restricted our analysis to a sample from urban areas of Pakistan in contrast to most of the previous studies which analysis both urban and rural areas. According to Labor Force Survey (2012-13), the total civilian labor force in Pakistan was 45.69% of the total population comprising 35.08% of male and 10.60% of female. The labor force participation rates for males and females were 68.70% and 21.67% in 2012-13 respectively. The significant gender gaps exist in Pakistan in terms of labor force participation rates as is evident from figure 3. The participation of females in the labor force is drastically low as compared to their male counterpart across all age groups in Pakistan (Figure 3) .
At global level, vulnerable employment rates, which is defined as proportion of contributing family workers and own account worker, are higher for women than for men. In developing regions, 60 per cent of women were in vulnerable employment in 2013, compared to 54 per cent of men (UN, 2014) . In Pakistan, more than half of the female workers i.e. 55% were engaged as contributing family workers in contrast to 15% of males. Gender (PBS, 2014a) . Like other researchers e.g. Ashraf & Ashraf (1993) ; Blau & Kahn (1992) ; Gornick & Jacobs (1998) ; Harkness (1996) ; Nasir (1998); Rice, (1999); Su & Heshmati (2013) and Taniguchi & Tuwo (2014) , we have also used employment related characteristics like industry and occupation as explanatory variables in our estimated earning functions through dummy variables.
DATA AND METHODOLOGY
The returns to human capital and gender earning gaps can be estimated by following Mincerian approach as baseline framework (Pastore, Sattar, & Tiongson, 2013) . According to Montenegro & Patrinos (2014) , Mincerian model produce more stable results than one can expect. The basic earning function used in the current study in modified form can be written as under:-
where is natural log of the monthly income for an i th individual. Dependent variable has been used in logtransformation form in order to correct for possible skew and heteroscedasticity (Vassil, Eamets, & Mõtsmees, 2014) . stands for the years of schooling, is labor market experience of an individual in completed years.
is the squared term of experience which has been included in the earning function in order to capture nonlinearity in the earnings of individual throughout their life span (Pastore, et al., 2013; Willis, 1986) .
is a vector of variables such as literacy, industry, occupation and age of individuals and is error term representing other variables, not measured and assumed to be independent of the other explanatory variables.
The earning functions can also be used to estimate the returns to different levels of schooling by using the education dummies for each level (Montenegro & Patrinos, 2014) . Keeping in view the education system of Pakistan five dummy variables for primary (D p ), middle (D m ), secondary (D s ), higher secondary (D hs ) and tertiary (D t ) levels have been defined. These dummy variables denote the fact that a person concerned has achieved that specific level of education (Montenegro & Patrinos, 2014) . The dummy variable for individuals without formal schooling has been used as an omitted category and has not been included in the model in order to avoid the problem of singularity in the matrix. The extended model including these dummy variables takes the following form:-
OLS regression technique, presented in equation (1) and (2), give summary estimates by calculating the average effects of explanatory variables on the dependent variable (Coad & Rao, 2007) and is based on the mean of the conditional distribution of dependent variable in the regression analysis (Martins & Pereira, 2004; Wu & Liu, 2009) . A more complete picture can be obtained by computing several regression curves matching to different percentage points of each distribution through quantile regressions (Cade & Noon, 2003; Coad & Rao, 2007; Pham & Reilly, 2007) . QR has another advantage over OLS because it makes possible to obtain a complete conditional distribution of Y variable instead of focusing only on means as is the case in OLS (Fattouh, Scaramozzino, & Harris, 2001 ) and is considered a standard analytical tool in the income and wage studies (Yu, et al., 2003) .
The QR was first introduced by Koenker and Bassett in 1978 (Coad & Rao, 2007; Koenker & Hallock, 2001 ) and keeping in view the setting of wage equation (see Martins & Pereira, 2004; McGuinness & Doyle, 2004) can be written as under:-
where and denote the vectors of exogenous variables and parameters respectively. ( | )is the θ th conditional quantile of ln w given x. According to Matins & Pereira (2004) , the θ th quantile, which lies between '0' and '1', can be defined as under:-__________________________________________________________________________________ 279
The above equation can be written as:
where ( ) is defined as check function which is written as ( ) = if ≥ 0 or ( ) = ( − 1) if <0. This problem can be solved through method of linear programming. The least absolute deviation (LAD) is the most common form of quantile regression (Melly, 2002) and estimator of can be obtained by setting θ=0.5. The various quantiles can be obtained by setting the various values of θ. For example, first and third quartiles can be obtained by setting the values of θ equal to 0.25 and 0.75 respectively.
After fitting the regression model given in the equation (1) through equation (5), the private return to different levels of education can be obtained as under:-
where S p , S m , S s , S hs and S t are years required to complete primary, middle, secondary, higher secondary and tertiary education.
Analysis of the decomposition of earnings gap between male and female workers is another objective of this paper. According to Oaxaca & Blinder (1973) decomposition method, also followed by Su & Heshmati (2013) and Taniguchi & Tuwo (2014) , the gap in income is divided into two parts. The observable differences in productive characteristics of individuals generate the first part of the income gap whereas the remaining gap is due to differences in the returns to individual level attributes (Boraas & Rodgers, 2003; Jung, 2014; Pham & Reilly, 2007; Su & Heshmati, 2013; Taniguchi & Tuwo, 2014; Weichselbaumer & Winter-Ebmer, 2003) .
Specifically, the overall gap in income between male and female workers is equal to:
where, INC INC ⁄ is the ratio of male to female income. Logarithm of equation (2) along with combination of estimated result in equation (1) yields the overall male-female gap in income as under:
where ln INC and ln INC represent average values of log yearly income of males and females respectively. X and X represent average values of productive attributes of the males and females. β and β stands for vectors of estimated coefficients obtained from separate regressions for males and females.
Following Su & Heshmati (2013) and Oaxaca (1973) the equation (3) can be expressed for purpose of decomposition as under:
where, I stand for an identity matrix and Ω stands for sloping matrix of weights. Both explained and unexplained variations in the earnings differentials are explained by the Blinder-Oaxaca decomposition method (Chzhen & Mumford, 2010; Jung, 2014; Kingdon, 2001; Taniguchi & Tuwo, 2014; Weichselbaumer & WinterEbmer, 2003 The demographic section of 2010-11 survey provides information about 109181 individuals comprising 51% of male and 49% of female. However, keeping in view the requirements of the study, only the data relating to urban and paid employees was used and our final sample was reduced to 7842 individuals out of which 6828 (87%) were males and 1014 (13%) were females.
The main variable of interest in our study is monthly earnings, which has been used as a dependent variable in the earning equation. For comparison purpose only those workers have been included in analysis who reports their incomes on monthly basis from their major and primary occupations. Two measures of literacy skills i.e. reading & writing and numeracy, have also been used as categorical variables denoting the value of "1" if a person holds the skill and "0" otherwise. HIES provide information on completed years of schooling which has been directly used in the estimation of earning functions in equation (1) as well as for defining the five different dummy variables, which have been used as explanatory variables in the estimation of equation (2). The information on labor market experience at individual level was not available in the survey and has been derived by deducting completed years of schooling less six from age by following the literature ( e.g Ali, 2007; Grajek, 2001; Montenegro & Patrinos, 2014 and Willis, 1986) . Type of industry, nature of occupation and age has also been included in the earning function by defining different categorical variables. Operational definitions of variables are presented in table 1. 
FINDINGS AND DISCUSSIONS
The average monthly earnings of male and female paid employees in urban areas along with mean earning gap are presented in (Table 2) . Females without having ability to solve simple arithmetic (lit2) earn 44% of male earnings whereas those having these skills earn 73% of male's earnings. The wider gender wage gap in earnings exist for women without education (60%) or having lower levels of education such as primary (Edu1) (64%), middle (Edu2) (50%) and secondary (Edu3) (34%). The lowest wage gap between male and female workers i.e. 33% exist when females have tertiary education (Edu5) ( Table 2) . The monthly earnings of female paid employees belonging to urban areas as percentage of male's earning in various industries such as Ind1, Ind2, Ind3, Ind4, Ind5 (see table 1) were 64%, 32%, 18%, 66% and 52% respectively ( Table 2 ). The highest mean wage gap between male and female worker was found in Ind3 and lowest in Ind6. Among occupations, the highest wage gap between male and female paid employees i.e. 80% was found in Occu4 (see table 1) because agriculture is traditionally a mail dominant occupation while the lowest i.e. 41% was found in Occu2. The difference in monthly earnings between male and female employees in the age group between 20-29 years was lowest i.e. 15% and was highest i.e. 59% for those in the upper age group of 60 years & above. Further, the mean difference in monthly income between unmarried men and women was only 7% for paid employees belonging to urban areas of Pakistan as against the 31% for those who are married (Table 2) . The averages of variables used in the study are presented separately for males and females in Table 3 . The standard deviations of the variables by the same categories have not been presented in the table in order to save the space and same are available with the authors. The difference in log-monthly income, the response variable in our model, between male and female workers was 0.666. Although, gender gap in primary and secondary education has considerably reduced during recent decades but still prevails in poor countries (Bertocchi & Bozzano, 2014) . The same is true in case of our sample where the difference in average years of schooling between males and females stands at 0.540 (Table 3 ). According to Aslam (2005) , the gender gap in education in Pakistan exists due to difference in labor market returns to education. The current study focuses on education as the main determinant of income because education is an important and popular policy levers in many countries (Emran & Shilpi, 2014) . Women also lag behind than men in both measure of literacy i.e. lit1 & lit2 as well as across various levels of education from edu1 through edu5 (Table 3 ). According to Blau and Kahn, (2007) and Vassil, et al., (2014) , women usually have less labor market experience as compared to men following the traditional division in the labor market and family considerations. The same is true in case of our sample where women having mean experience of 19.5 years fall short of men having average experience of 21.2 years ( Table 3) . As far as industry of the employment is concerned, majority of both men and women i.e. 36% and 79% were engaged in Ind7 followed by 17% and 13% in Ind2 (Table 3 ). The lowest proportion of urban workers of males and females were employed in Ind3 and Ind1 (Table 3 ).
Gender differences in occupation are expected due to labor market preferences of females who prefer to choose that occupation requiring less on the job training (Blau & Kahn, 2007) . In our sample, highest proportions of males i.e. 35% and females i.e. 26% were engaged in Occu7 followed by 14% in Occu5. The lowest numbers of males and females workers in urban areas were engaged Occu4 (Table 3) . Majority of both men and women employees i.e. 31% and 35% were in the age group 20-29 years (Age2) followed by 22% and 23% in Age3 respectively. The lowest proportions of employees of either sex were found in Age6 (Table 3 ).
The practice of estimation of rates of returns to investment in education is continuing since the late 1950s and estimates of the returns to schooling and to potential experience are a useful indicator of an individual's productivity (Montenegro & Patrinos, 2014) . In a model with log-transformed response variables, like equation (1), the estimated parameters are interpreted as a percent change on wage when independent variable increases by one unit (Vassil, et al., 2014) and β 1 in the wage equation can be viewed as the average rate of return to years of schooling to wage employment (Montenegro & Patrinos, 2014; Willis, 1986) . The size of private returns to education is of great significance because it is the price an individual investor of education receives on his/her own investment (Psacharopoulos, 1985) and also explains personal income distribution (Psacharopoulos, 1985; Willis, 1986) . The earning functions estimated separately for males and females through OLS method both for completed years of schooling as well as education dummies are presented in table 4. Education has been used as an explanatory variable in two distinct ways i.e. i) as completed years of schooling and ii) as education dummies representing different levels of education while treating no formal education as a reference category.
The average rates of returns to extra year of schooling in urban areas were 8.6% for males and 20.7% for females and were significant at 1% level (Table 4 ). The higher rate of return to schooling for females as __________________________________________________________________________________ 284
compared to males in all specifications of estimated earning functions have been found in our study which confirms the finding of other studies e.g. Ashraf & Ashraf (1993) ; Aslam (2005) ; Montenegro & Patrinos (2014) and Siddiqui & Siddiqui (1998) . All education levels have been emerged as significant and positive determinants of income except for edu1 for males and edu1 & edu2 for females. Further, variation in estimated parameters is more for women which range from 0.07 to 1.86 than for men which range from -0.02 to 0.89 (Table 4) . Lit1 is significant in all estimated specification except for females in education dummies whereas lit2 is significant for women but not for men. The average returns to extra year of experience which are significant for both males and females but are higher for females (9.2% & 7.3%) as compared to men (5.7% & 5.3%) in both specifications education years and education dummies. The coefficient of experience square is negative in the earning functions for both males and females (Table 4) , which exhibits concavity of the earning functions and decreasing returns to the investment in human capital (Pastore, et al., 2013) .
All industries of employment have been emerged as significant determinants of earnings of male workers but for females only two industries i.e. Ind3 & Ind6 are significant in OLS equations. Similarly, Occu2 & Occu7 are significant determinant of income for both males and females but Occu4 & Occu6 are insignificant. Further, returns to Occu2 & Occu7 are higher for females as compared to those engaged in the Occu3, the reference category. Age1 has been used as a reference category in the estimated earning functions. Males in the age groups 20-29, 30-30 and 40-49 earn more than those in the Age1 while females in these groups earn less. However, earnings of female in Age6 are higher as compared to those in the reference group but are significant in education dummies specification only as compared to male workers who earn less if compared with the reference category (Table 4) . OLS estimates which are based on the mean of the conditional distribution of dependent variable in the regression analysis and are subject to be affected by the outliers present in a cross-sectional data. This is evident from the fact that mean earnings of both male and female workers having tertiary education were more than double of respective averages in the sample. Due to wide variation in the earnings of individuals, QR has been estimated for males and females and results are presented in Appendix (1) and (2) respectively. The results of QR at 5 th , 25 th , 50 th , 75 th and 95 th quantiles for male urban employees are presented in the appendix 1. The return to additional year of schooling at 5 th quantile for male workers stands at 9.1% and tends to decline from lower to upper quantiles and is 8.1% at 95 th quantile (Appendix 1). The lower levels of education like edu1 and edu2 are insignificant for urban male wage-earners at all levels of quantiles except 25 th and 75 th quantiles. However, higher levels of education like edu3, edu4 and edu5, have been emerged as significant and positive determinants of income for urban male employees at all levels of income distribution (Appendix 1).
Moreover, the returns to additional year of experience for male employees in urban areas decline along with movement from bottom towards top of the distribution and stands at 7.9% and 3.6% at 5 th and 95 th quantiles in education years specifications. The concavity of the earning functions is also confirmed for male wage earners and is evident from the negative and highly significant values of the squared term of experience. All levels of industry have been emerged as significant determinant of income for male urban employees except for Ind1 at all quantiles. Occu1, Occu2 and Occu7 are significant determinant of income at all parts of the distribution against Occu4 and Occu6 which are insignificant. Further, males in the younger age groups in urban areas earn significantly more than older workers in Age6 (Appendix 1).
The earning functions for females estimated through QR at various levels of quantiles are presented in appendix 2. The average return to additional year of schooling for female workers in urban areas at 5 th , 25 th , 50 th , 75 th , and 95 th quantiles stands at 21.9%, 21.2%, 20.2%, 20.1% and 19.3% respectively (Appendix 2). Edu1 and edu2 are not significant factors of income at all estimated quantiles for female workers. But edu3 is significant factor of income for female employees belonging to middle and higher middle income groups. Likewise, edu4 is significant for females at 5 th , 50 th , and 75 th quantiles (Appendix 2). However, edu5 has been emerged as significant factor for determination of income of female employees irrespective of their position in the income distribution. Experience has also been emerged as positive and significant determinant for females at all levels of income distribution except for those in the 95 th quantile under education at levels specification (Appendix 2). Earning functions for females have also been found to be non-linear as is evident from negative and significant values of exp_sq term at all levels of estimated quantiles. This is consistent with finding of Aslam (2005) , who found more convex education-earning profiles for women than men. Ind3 and Ind6 have been found as significant factor for income determination of female workers only in the lower-middle, middle, and upper-middle part of the income distribution. According to Blau and Kahn (2007) , these gender differences in industry are also responsible for creating gender differences in income. Occu1 is significant for female workers in education levels specification at 25 th , 50 th and 75 quantiles whereas Occu2 is significant at 1% and 10% levels at 25 th and 95 th quantiles respectively. While Occu4 is insignificant at all quantile, the Occu6 and Occu5 are significant at 5 th (5% level) and 95 th (10% level) quantiles respectively (Appendix 2). The Occu7 is mainly significant factor for the determination of income of female workers falling in the lower and lower-middle parts of the income distribution (Appendix 2). The gender differences in occupation account for considerable portion of gender earnings gap (Blau & Kahn, 2007) . Moreover, age used in different groups has been found as significant determinant of income for females belonging to lower-middle and middle class only. Age has not been found as significant factor of income determination for females in the 75 th and 95 th quantiles (Appendix 2).
The private return to different levels of education for both male and female workers belonging to urban Pakistan have been calculated by using equations (6) through (10) and are presented in the figure 4. The private incremental returns to education for females are higher as compared to males in OLS estimates as well as in various quantiles at all levels of education except for 50 th , 75 th and 95 th quantiles at higher secondary levels (Figure 4) . For female workers, lower levels of education yield higher returns at bottom part of the income distribution while higher level of education give more returns at uppor part of the income distribution. For example, average returns to an additional year of schooling for female workers having primary and secondary education at 5 th quantile were 14% and 42% as compared to 1% and 10% for their male counterparts respectively ( Figure 4 ). Another important objective of the current study is to decompose the gender income gap using Blinder-Oaxaca decomposition method whose results are presented in table 5. The log income difference between male and female workers in urban areas of Pakistan stands at 0.666 (Table 5 ). This gap has been decomposed into various constituents such as education, literacy, experience, industry as well occupations of employment and age of individuals. According to the results about 43% of the income gap between male and female employees arises due to difference in education as compared to 8.1% from the literacy rate but former being the positive and later is negative. The gaps in wages by gender exist due to difference in experience (Polachek & Xiang, 2014; Taniguchi & Tuwo, 2014) . Women usually tend to have shorter experience of work due to exit and entry into the labor market following family reasons (Blau & Kahn, 2007; Pastore, et al., 2013; Polachek & Xiang, 2014; Taniguchi & Tuwo, 2014) . Our decomposition suggests that differences in labor market experience constitute about 2% of income differences between male and female workers. Industry of employment has been found as positive contributor towards income gap between male and female paid employees in urban areas of Pakistan and its share stands at about 17%. Income gaps between male and female workers arising due to difference in occupation and age stand at -10.4% and 13.2% respectively (Table 5) . In aggregates terms, our decomposition analysis is able to explain about 0.62 (93%) of total log income difference of 0.666 between males and females. 
CONCLUSION
The objective of this paper was to analyze the gender earning gaps existing in urban areas of Pakistan using data from a household survey known as Household Integrated Economic Survey (HIES). The earnings functions have been estimated separately for males and females using Ordinary Least Squares (OLS) as well as quantile regressions including education, literacy, experience, employment related variables such type of industry and occupation and age as explanatory variables. The earnings gap between males and females has also been analyzed using the Blinder-Oaxaca decomposition method. Results suggest higher mean years of schooling and experience as well as monetary earnings for males as compared to females. However, higher incremental returns to investment in human capital for females have been observed at all levels of education in both OLS and quantiles regression performed at 5 th quantiles at all educational levels. Further, according to decomposition analysis conducted through Blinder-Oaxaca method, education, industry of employment and occupations has been emerged as the main determinants of income gap between male and female workers in urban Pakistan. Private rates of return estimated through OLS and quantile regressions are used to explain the behavior of individuals in seeking different levels of education and are a useful indicator for the assessment of level of productivity of an individual. Policy makers can use the evidence provided through these estimates to design the programs aiming at the promotion of investment in education in order to reduce the gender differences in income. The findings also suggest offering incentive to low-income families for making investment in human capital through education. 
